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Abstract

Homelessness and poverty e huge chalenges in SOu Aica. These SO0 prodiems manfest MemseNes in pocr Rousing
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1. Introduction

South Africa as a developing country has a housing market that is skewed. The country experiences a huge housing
backiog. Msoﬁmlmas'wenaldmmm Developing countries attrbute ther inadequate
housing and poor The Neo-Mandst theorists, most of whom may be
andwwmnwmumwmmrwmwm
impeded progress throughout the Third World (Martinussen, 1097). This creates unequal relstions between developed
and developing countries. The unequal power relations between developed and developing countries has a negative
impact on service provision in less developed countries ke South Africa. In addition, South Africa vas subjected to
Verwoedian system which promoted migrant labour system. The migrant labour system created a need for housing in
towns and cites. When more people travel to the cities in search of jobs, they were confronted with a critical housing
shortage. They then came up with altemative means 10 construct cheaper housing structures. These people constructed
dwellings from all varieties of materials which are frequently unsuitable for construction designs. For example, they use

tins, pieces of plastic and low quality wood (Cloete, 1083). The use of unsuitable building materials to erect houses are
equaly a of poverty and

The Verwoedian government fought the shack dwellers weh all its power. This created confict between black
people and the The apartheid g resorted to evictons, removals and the
enforcement of the Group Areas Act of 1850, mmmnwmdnm People’s hopes
rested in the violent conflicts which tragically 50 many informal since the mid-1080s (Smith,
1902). Evictons failed to resolve the probiem of informal settiements as evictees continued to invade spaces near cities
and forcefully sought to be part of the city settiements. The landiess aiways resort to violent means to fortfy their stay on
nvaded land. While some especially class ssues were taken up. the campaigns, as a whole, were not overtly class
based, on the common oppression of black people. especially African people under white rule (Marks, 1687). The
unequal power relations between developed and developing countries further spiralled to unequal level of development
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HIGH UNEMPLOYMENT RATE, POOR CONDITIONS IN HEALTHCARE FACILITIES,
LACK OF EDUCATIONAL TOOLS, LACK OF WATER, ELECTRICITY & SANITATION

Image and Text Sources: Quarterly Labour Force Survey - Quarter 2: 2022 (2022), Lorraine & Molapo (2014); Nkomo (2017).
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MOTIVATION: Country Report & SDGs

Sustainable Development Goals (SDGs)

Country Report 2019 - South Africa
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Image and Text Sources: Sustainable Development Goals: Country Report 2019 - South Africa; United Nations: Sustainable Development Goals: 17 Goals to Transform our World (2021).
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Image and Text Sources: South African Government: National Departments (2022); United Nations: Sustainable Development Goals: 17 Goals to Transform our World (2021).
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MOTIVATION: How to react quickly?
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HOW CAN THE DEPARTMENTS BE INFORMED PROMPTLY ABOUT THE CURRENT SOCIAL ISSUES
THAT AFFECT THEM, SO THAT THEY CAN THEN REACT QUICKLY?

Image and Text Sources: South African Government: National Departments (2022); United Nations: Sustainable Development Goals: 17 Goals to Transform our World (2021).
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automatically detecting a sentiment from textual information and then classifying the information into classes,
e.g., classify tweets with government department related topics.

@i{?g home affairs “The queue in home affairs at Wynberg is very slow
() EEE‘JEE?;O _— one cannot get anything without waiting the service
Rt is bad.”

v v
neutral positive e“"

Image and Text Sources: South African Government: National Departments (2022); Mabokela & Schlippe (2022); Twitter (2022). “
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SENTIMENT ANALYSIS: Sepedi & Setswana L)~

extracting subjective information from text such as mood,
e.g., classify tweets with government department related topics.

water & sanitation
Deparment Ke neng re lla ka mohlagase le makhura tsa go tura.

Water and Sanitation

REPUBLIC OF SOUTH AFRICA

22 health
Ade N1Ed Puso ya rena ya ANC ga e re hlokomele ka tsa

Department:

Healh maphelo.

W REPUBLIC OF SOUTH AFRICA

neutral positive

Image and Text Sources: South African Government: National Departments (2022); Mabokela & Schlippe (2022).
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v" address significant social, environmental and public health issues that are facing society (Cowls et al., 2021)
v’ intersection of Al with social sciences, health sciences as well as environmental sciences (Tomaev et.al., 2020)

e.g.,

| ] ] ] ] || | ] ] ] ] || | ] ] ]
{ sentiment analysis \

[ examine gender + race bias classify social issues

\

________________/

Kiritchenko & Mohammad (2018); Kaur & Sharma (2020)
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Text input 1

(-------------L------------\

Long-Short Support Random Multilayer Decision :
Lexicon-
I Transtormers| RE(ulY=alelsY Vector Forests Perceptron Trees based
(LSTM) Machines (RF) (MLP) (DT)
\ | | ] | | ] ] ] | | | ] ] ] | | | ] ] ] | | | ] ] ] J
Balahur and Turchi (2014), Nguyen et al. (2018), Kolchyna et al. (2015),
Kumar and Sharan (2020), Rakhmanov (2020), Kotelnikova et al. (2021),
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Balahur and Turchi (2014), Lin et al. (2014),
Vilares et al. (2017), Can et al. (2018)
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Topic-specific Search
(+ data protection measures & text normalisation)

Sentiment Analysis

overall sentiment score

Image Source: Mabokela & Schlippe (2022).
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English Sepedi Setswana
tweets tweets tweets

Sepedi-English Setswana-English
translation translation

v v v

English Sentiment Analysis

PERFORMANCES ON SAFRISENTI TEST SETS

\If \ll System |Accuracy (%)|F-score (%)
English |86.36 86.01
negative Sepedl 84.19 84.03
Setswana|83.26 82.74

Image Sources: Mabokela & Schlippe (2022).
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